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Abstract- In recent years, graph convolutional networks (GCNs) have achieved significant performance in the
field of skeleton-based action recognition. Existing GCN-based methods usually apply fixed graph topologies
and a temporal convolutional filter to extract the spatial and temporal features of an action. Since an action is
coordinated through different parts of the body in the time domain and shows different characteristics in the
time domain, this work causes the loss of a lot of information about an action.

To address this issue, in this paper, we present an attention-based graph neural (AT-AR) network to discover
distinct features from both spatial and temporal aspects. The proposed model uses an SPG Net convolution to
learn Spatio-temporal features. In addition, the attention mechanism creates an attention score using temporal
features, which can enhance the temporal correlations of an action. After establishing the two-stream structure,
the AT-AR network has reached 96% and 97% accuracy under X-View and X-Sub on the NTU RGB+D
dataset.

Keywords- Human Action Recognition, Skeletal Data, Attention Mechanism, Graph Neural Network, Deep
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