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Abstract- Link prediction in knowledge graphs addresses predicting missing entities or relations of a knowledge
graph, typically using knowledge graph embedding techniques. Training these models on low-resource-language
knowledge graphs presents unique challenges, which have not been thoroughly addressed in the literature, and
correspondingly there is no benchmark for evaluating link prediction methods on such graphs. These knowledge
graphs often have unique topologies due to the characteristics of low-resource languages. Many knowledge
graphs are derived from encyclopedias like Wikipedia, which in low-resource languages may have many
propositions from common subjects and/or facts and few from less common ones, leading to distinctive
topologies in the extracted knowledge graph. FarsBase, as the knowledge graph related to the Persian language,
exemplifies these properties. Originating from Persian Wikipedia, it has some relation-types with many numbers
of instances and some other relation types with very few instances. This paper introduces "FarsPishBin," a lightly-
pruned version of FarsBase, as a benchmark for low-resource-language knowledge graph embedding. The authors
argue that translational models are likely to outperform other embedding models on this benchmark. To check
the mentioned hypothesis, the popular embedding models are evaluated on FarsPishBin and the experiments
prove that translational models (as expected) perform best. This benchmark aims to serve as a standard platform
for future-coming models addressing link prediction in low-resource-language knowledge graphs.
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